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Purpose

To highlight the application and validation of PBPK DDI simulation
results obtained using GastroPlus™ in compliance with newly proposed
European Medicines Agency (EMA) and US FDA guidelines for the
investigation of drug interactions.

The GastroPlus (Version 7.0) Drug-Drug Interaction Module was used to
predict the severity of drug-drug interactions based mostly on equations for
steady-state competitive inhibition. The theophylline and cilostazol studies were
based on dynamic simulations for competitive inhibition, while studies with
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For more detail on theophylline and cilostazol as substrates

and diltiazem as an inhibitor, please visit the following posters at this conference. Qpserved vs. Predicted AUC Ratios for Various Substrates
Poster #s: 72374, T2375, and T2365.
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